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Why we should be interested

Connected Automated Vehicles (CAV)
. Drive like a human

. Drive better than a human: trajectory control
*  Objective: smaller acceleration + smaller gap
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What objectives we are achieving

A Community of Transportation - .

. Use whatever you have
. Change whenever you need

. Generate whatever you want
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What problem we are investigating
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* Individual control
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Why you can trust me

A Community of Transportation &
Professionals
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Example results
- Performance: improved by 18.3% 0.06 h
- Computation time: 0.4s on CPU E
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THANKS FOR

LISTENING..
ANY QUESTIONS?




